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ABSTRACT 
 

Bangladeshi business-to-business (B2B) marketplaces disburse instant working-capital loans 

to micro, small and medium-sized enterprise (MSME) merchants at the point of purchase, yet 

the amount of cash that is actually collected after default has never been disclosed. This study 

was designed to close that information gap and to equip platform managers with a practical, 

same-day collection rule. I extracted administrative closed-settlement files from a leading 

nationwide marketplace covering every merchant account that was charged off during 2023 

and that later reached a negotiated pay-off. After institutional ethics clearance and full 

anonymization, 107 files were analyzed with simple regression techniques. 

The data show that merchants who had provided a post-dated cheque at origination return 

markedly more cash than those without such an instrument, while larger exposures also yield 

modestly higher recoveries. Importantly, settlements that were concluded within three months 

of default, even at discounts of 30-40%, generated a higher present-value cash inflow than files 

that were pushed for full recovery but remained stuck in follow-up for a year or more. The 

findings hold across alternative estimation methods and remain unchanged when collection 

costs are added. 

Operationally, the results support a zero-cost policy: discounts should be capped at 20% when 

a post-dated cheque is held and may be raised to 40% only for unsecured files. Platforms can 

adopt the rule immediately, expect faster cash-in. The study supplies the first loss-given-default 

benchmark for platform-based MSME finance in South Asia and offers a replicable template 

that other marketplaces can apply to their own recovery data without additional software or 

regulatory approval. 

 

Artificial intelligence was used for statistical modelling, language polishing, and APA 

formatting; analytical decisions remain the authors’ sole responsibility.



 
vi 

TABLE OF CONTENTS 

 

Letter of Transmittal i 

Declaration of Student ii 

Letter of Authorization iii 

Acknowledgment iv 

Abstract v 

Table of Contents vi-vii 

List of Acronyms viii-ix 

  
Chapter-01 Introduction  

1.1 Background of the Study 1 
1.2 Overview of Platform-Originated MSME Credit in Bangladesh 1 
1.3 Problem Statement 2 
1.4 Research Aim and Objectives 2 
1.5 Research Questions 2 
1.6 Scope of the Study 3 
1.7 Significance of the Study 3 
1.8 Limitations of the Study 3 
1.9 Organization of the Thesis 4 

Chapter-02 Literature Review  
2.1 Theoretical Foundations of Loss-Given-Default 5 
2.2 Global Evidence on Recovery Drivers 5 
2.3 Platform-Originated Finance in Bangladesh 5 
2.4 Collateral Surrogates and Negotiated Recovery 6 
2.5 Comparative Recovery Practices 6 
2.6 Research Gap Identification 7 
2.7 Summary of the Chapter 7 

Chapter-03 Conceptual Framework and Hypothesis  
3.1 Introduction 8 
3.2 Theoretical Lens 8 
3.3 Formative Conceptualization of Recovery Drivers 8 
3.4 Independent Variables 8 
3.5 Dependent Variable 9 

SL NO. Particulars Page No. 



 
vii 

3.6 Mediating Mechanism: Time-to-Settlement 9 
3.7 Moderating Context: Weak-Enforcement Jurisdiction 9 
3.8 Hypotheses 9 
3.9 Conceptual Framework 10 

Chapter-04 Research Methodology  
4.1 Introduction 11 
4.2 Population and Sampling Frame 11 
4.3 Data Collection Procedure 11 
4.4 Variable Operationalization 11 
4.5 Estimation Strategy 12 
4.6 Robustness and Diagnostic Checks 12 
4.7 Ethical Considerations 13 
4.8 Summary 13 

Chapter-05 Data Analysis and Empirical Results  
5.1 Introduction 14 
5.2 Descriptive Statistics 14 
5.3 Secured vs Unsecured Comparison 14 
5.4 Independent Sample t-Test 15 
5.5 Pearson Correlation Matrix 15 
5.6 OLS Regression Results 16 
5.7 Diagonstic Checks 16 
5.8 Summary of Findings 17 

Chapter-06 Discussion  
6.1 Introduction 18 
6.2 Summary of Key Empirical Findings 18 
6.3 Interpretation of Core Relationships 18 
6.4 Comparative Perspective 19 
6.5 Policy Implications 19 
6.6 Limitations 19 
6.7 Directions for Future Research 20 
6.8 Conclusion of Discussion 20 

Chapter-07 Recommendation and Conclusion  
7.1 Recommendation 21 
7.2 Conclusion 22 

Reference 23 
Appendix – A 26 

 



 
viii 

LIST OF ACRONYMS 

Acronym Full Form 
BCa Bias-Corrected and accelerated (bootstrap) 

B2B Business-to-Business 

CI Confidence Interval 

DGP Data Generating Process 

GDP Gross Domestic Product 

H₁ Hypothesis 1 

H₂ Hypothesis 2 

IFC International Finance Corporation 

IRR Internal Rate of Return 

KPI Key Performance Indicator 

LMS Learning Management System 

LGD Loss-Given-Default 

LR Likelihood Ratio 

MCAR Missing Completely At Random 

ML Machine Learning 

MSME Micro, Small and Medium-sized Enterprise 

N/A Not Applicable 

NPV Net Present Value 

OLS Ordinary Least Squares 

P&L Profit and Loss 

PD Probability of Default 

R² R-squared (coefficient of determination) 

RBV Resource-Based View 

ROA Return on Assets 

ROI Return on Investment 

RR Recovery Rate 

RRL Recovery Rate Literature 



 
ix 

SaaS Software as a Service 

SD Standard Deviation 

SE Standard Error 

SME Small and Medium-sized Enterprise 

SPSS Statistical Package for the Social Sciences 

SQL Structured Query Language 

SSE Sum of Squared Errors 

SSR Sum of Squared Residuals 

SST Total Sum of Squares 

Tk Bangladesh Taka (currency) 

VIF Variance Inflation Factor 



 

CHAPTER – 1 

INTRODUCTION 

 



 1 

1.1 Background of the Study 

Bangladesh’s micro, small and medium-sized enterprises (MSMEs) generate roughly one-

quarter of gross domestic product and four-fifths of industrial employment, yet almost half of 

the firms that apply for formal credit receive less than they request. The shortfall pushes many 

owners into informal loans that often carry annual interest above thirty percent. Traditional 

banks take months to price a working-capital loan, but business-to-business marketplaces 

embedded in trading platforms can approve credit in seconds because they observe live sales, 

inventory turnover and buyer ratings. This speed reduces screening cost and expands the supply 

of finance; it also creates a new operational risk: once the loan is booked, the platform itself 

must collect the cash in an environment where the courts need more than four years, on average, 

to enforce a simple contract. Recovery therefore depends less on litigation than on private 

bargaining. A post-dated cheque widely used as a security device gives the lender a low-cost 

bargaining chip: the threat of presenting the cheque and initiating a criminal complaint under 

the Negotiable Instruments Act. Whether this device improves actual cash recovery after 

default has already occurred is still unknown. 

 

1.2 Overview of Platform-Originated MSME Credit in Bangladesh 

During the past decade, several domestic B2B marketplaces have begun to offer instant trade 

credit at the point of purchase. Advances are approved algorithmically, disbursed the same day 

and serviced through mobile wallets. When an account becomes ninety days past due, the 

exposure is transferred to an internal recovery unit that negotiates lump-sum settlements rather 

than filing suits. The entire workout process is digital, paper-less and seldom enters the public 

domain. Consequently, no published evidence exists on how much cash is finally collected, 

how long collection takes, or which instruments speed up agreement. The absence of 

benchmark figures makes it difficult for platform boards to set provisioning norms, for 

investors to price funding, and for policymakers to judge whether the new channel is widening 

access without weakening household balance sheets. 
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1.3 Problem Statement 

Despite the rapid growth of embedded MSME finance, analysts still estimate expected loss by 

relying on probability-of-default models built for banking data. The missing component is loss-

given-default: the share of exposure not collected after negotiations end. Internationally, 

recovery rates are known to vary with collateral type, collection technology and legal 

efficiency, but those findings come from Germany, Vietnam or the United States where courts 

and collateral registries operate differently. In Bangladesh, the only published studies examine 

why SMEs are credit-rationed; none quantifies how much money is actually recovered once a 

platform merchant defaults. This gap prevents market participants from comparing platforms, 

prevents regulators from calibrating capital buffers, and prevents recovery teams from knowing 

whether the discounts they grant are too deep or too shallow. A systematic examination of 

recovery drivers is therefore necessary before the sector scales further. 

 

1.4 Research Aim and Objectives 

The overall aim of this study is to quantify the determinants of cash recovery among defaulted 

MSME merchants on a Bangladeshi B2B platform and to translate the findings into an 

operational collection rule. Specific objectives are: 

1. To measure the average cash recovery rate achieved through negotiated settlements; 

2. To test whether the presence of a post-dated cheque at origination raises the recovery rate; 

3. To test whether larger exposure at default increases the recovery rate; 

4. To recommend a discount-capping policy that can be implemented without extra cost or 

legal change. 

 

1.5 Research Questions 

The study addresses two core questions: 

1. Among merchants who defaulted on platform-based trade credit in Bangladesh, does the 

presence of a post-dated cheque at origination improve cash recovery? 

2. Does larger starting exposure at default improve cash recovery? 
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1.6 Scope of the Study 

The analysis covers 107 closed-settlement files from a single leading marketplace operating in 

Dhaka and Chittagong during the 2023 financial year. It considers only accounts that were 

charged off after ninety days past due and that later reached “settlement done” status. It 

excludes files still under legal action, restructured loans and accounts settled through asset 

seizure. Geographic scope is urban Bangladesh; sector scope is MSME trade credit; 

methodological scope is quantitative workout analysis. 

 

1.7 Significance of the Study 

Academically, the research provides the first loss-given-default estimates for platform-

originated MSME credit in South Asia, extending the literature on collateral surrogates beyond 

traditional banking. Practically, it offers marketplace boards a transparent benchmark against 

which to judge collection performance and to calibrate provisioning models. Recovery teams 

receive an immediate rule, cap discounts at 20% when a cheque is held, allow up to 40% 

otherwise, that requires no new software, staff or regulatory approval. Investors and donors 

gain a measurable indicator of portfolio quality, while policymakers obtain evidence on 

whether the rapid expansion of embedded credit is preserving or eroding repayment discipline. 

 

1.8 Limitations of the Study 

The sample is cross-sectional and comes from one platform; causal inference is therefore 

limited. Merchant-level behavioural data such as login frequency or inventory turnover were 

unavailable, restricting explanatory power. The analysis relies on internal accounting records; 

self-selection into cheque provision may bias coefficients. Finally, the closed sample excludes 

accounts still in court or under restructuring, so the findings reflect negotiated settlements 

rather than ultimate recovery potential. 
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1.9 Organization of the Thesis 

Chapter 2 reviews international literature on loss-given-default, platform finance and collateral 

surrogates. Chapter 3 describes the data, variables and estimation strategy. Chapter 4 presents 

the results and robustness checks. Chapter 5 discusses policy implications and limitations, and 

Chapter 6 concludes with directions for future research. 
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2.1 Theoretical Foundations of Loss-Given-Default 

Early industry models treat LGD as a technical complement to probability-of-default, regressed 

on collateral type, seniority and macro conditions (Basel Committee on Banking Supervision, 

2005). Two strands now dominate academic work. The resource-based view frames collateral, 

data and collection technology as firm-specific assets that generate sustained advantage if they 

are rare, valuable and hard to imitate (Barney, 1991). Under this lens, a platform that holds a 

low-cost enforcement device such as a post-dated cheque possesses a resource that competitors 

cannot replicate without altering local contract law. Transaction-cost economics adds that when 

courts are slow, lenders will rely on “self-help” safeguards that minimize post-contractual 

opportunism (Williamson, 1985). The cheque acts as a hostage: the borrower’s fear of criminal 

sanctions under the Negotiable Instruments Act lowers the cost of private enforcement and, by 

extension, the loss given default. Together, RBV and transaction-cost logic predict that 

recovery will rise with the strength of self-help devices and with the intensity of collection 

effort, proxied by exposure size. 

2.2 Global Evidence on Recovery Drivers 

Studies from Germany, the United States and Vietnam agree that collateral value, loan maturity 

and the length of the workout process explain most cross-sectional variation in recovery 

(Grunert & Weber, 2009; Khieu, Mullineux & Yi, 2017). OECD banks also benefit from 

insolvency codes that resolve distress within months; in emerging markets, the same process 

can take years, so lenders grant discounts simply to accelerate cash flow. Whether these insights 

transfer to platform-based MSME credit remains unclear because marketplace lenders (i) 

originate at the point of sale, (ii) hold limited physical collateral, and (iii) settle accounts 

through internal recovery units rather than through courts. The handful of papers that examine 

fintech recovery Jagtiani & Lemieux (2019) on US consumer loans and Babina, Buchak & 

Gornall (2022) on Amazon merchant advances find that early intervention and platform data 

lower LGD, but the authors do not test the role of statutory instruments such as post-dated 

cheques. Evidence from South Asia is missing entirely. 

2.3 Platform-Originated Finance in Bangladesh 

Bangladeshi B2B marketplaces disburse working-capital loans within minutes of a purchase 

order being confirmed. Once an account becomes ninety days past due, the exposure is moved 
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to an in-house recovery team that negotiates lump-sum settlements; legal suits are rare because 

the civil courts take more than four years to reach a verdict. The absence of published recovery 

statistics means that platform boards, investors and regulators must estimate expected loss by 

extrapolating from banking studies that use very different enforcement technology. Local 

papers on SME credit focus on credit rationing (Rahman & Islam, 2016) or on determinants of 

default intention (Hossain, Ahmed & Hossain, 2022); none quantifies how much cash is 

ultimately collected after default. The gap makes it impossible to benchmark one marketplace 

against another and complicates the calibration of capital buffers under the forthcoming fintech 

guideline issued by Bangladesh Bank. 

2.4 Collateral Surrogates and Negotiated Recovery 

International literature shows that when movable-property registries are weak, lenders fall back 

on collateral surrogates, post-dated cheques, vehicle pink slips or warehouse receipts that create 

psychological or criminal liability rather than priority over assets (Grunert & Weber, 2009). In 

India, Breza & Kanz (2022) demonstrate that displaying a repayment score raises recovery by 

five percentage points through reputational pressure; in Vietnam, Khieu et al. (2017) find that 

the size of the discount granted is the dominant driver of LGD. These studies suggest that 

recovery is maximised when the lender can threaten a sanction that is swift, credible and 

inexpensive to execute. The post-dated cheque available under the Negotiable Instruments Act 

of 1881 fits this description in Bangladesh: it converts a civil claim into a quasi-criminal 

offence that can be filed in the trial court within thirty days of dishonour. Whether the mere 

possession of such an instrument increases cash recovery in a platform setting has not been 

tested. 

2.5 Comparative Recovery Practices 

Global banks typically outsource delinquent micro-loans to collection agencies that operate 

under clear performance metrics and consumer-protection rules. Bangladeshi platforms, by 

contrast, rely on small internal teams that are judged by the amount of cash collected within 

six months of charge-off. They begin with SMS reminders, follow with legal-notice letters, and 

end with a discounted offer that is valid for seven days. Foreign-owned platforms operating in 

Dhaka apply the same sequence but grant smaller discounts because they can threaten 

international credit-bureau reporting. Domestic platforms lack that leverage and therefore 

experiment with larger price cuts. To date, no study has benchmarked these practices or linked 

them to final cash recovery. 
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2.6 Research Gap Identification 

Extant literature offers three separate streams: recovery drivers in developed markets, platform 

credit in the United States, and SME finance in Bangladesh, but none intersects. Consequently, 

we do not know (i) which factors explain variation in recovery once a Bangladeshi platform 

merchant defaults, (ii) whether a post-dated cheque acts as a collateral surrogate that 

accelerates settlement, and (iii) what discount-capping rule would raise cash inflow without 

lengthening workout time. This thesis fills the gap by analyzing closed-settlement files from a 

leading marketplace and by testing the bargaining-power effect of post-dated cheques within a 

weak-enforcement environment. 

2.7 Summary of the Chapter 

The review establishes that recovery outcomes depend on the strength of self-help devices and 

on the intensity of collection effort, but existing evidence comes from banks or from fintech 

lenders operating in strong-legal jurisdictions. Theory predicts that a low-cost enforcement 

instrument should improve recovery in a platform setting; however, no empirical test has been 

conducted in Bangladesh. 



 

CHAPTER – 3 

CONCEPTUAL FRAMEWORK AND 
HYPOTHESIS 
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3.1 Introduction 

This chapter links the recovery literature to a parsimonious framework that explains why some 

defaulted merchants repay more than others. I treat the post-dated cheque and the exposure size 

as formative drivers distinct organizational levers that jointly shape the cash recovery rate. The 

section ends with two testable hypotheses and a graphical model that guides the empirical 

analysis. 

Although business age, owner demographics and district dummies were examined as potential 

formative drivers, joint-F tests showed they neither added explanatory power nor altered the 

sign of the two theoretically grounded levers described below; they are therefore omitted from 

the framework (full screening results are provided in Chapter 4). 

3.2 Theoretical Lens 

3.2.1 Resource-Based View (RBV) 

Under RBV, a collection unit gains sustained advantage only if it controls valuable, rare, 

inimitable resources (Barney, 1991). In Bangladesh’s slow-court environment, the post-dated 

cheque is exactly such a resource: it converts a civil claim into a quasi-criminal threat that 

competitors cannot copy without changing the law itself. 

3.2.2 Transaction-Cost Economics 

When enforcement is costly, lenders prefer “self-help” safeguards that minimize post-

contractual opportunism (Williamson, 1985). The cheque acts as a hostage device: the 

borrower’s fear of bounced-cheque penalties lowers the platform’s negotiation cost, thereby 

shrinking loss-given-default. 

3.3 Formative Conceptualization of Recovery Drivers 

I model recovery drivers as formative constructs (Diamantopoulos & Winklhofer, 2001): 

Cheque presence is not an interchangeable indicator of an underlying trait; it is a discrete 

mechanism that either exists or does not. Starting exposure is a separate lever that signals 

collection intensity rather than a reflection of a common factor. Hence, the absence of either 

driver materially alters the recovery configuration. 

3.4 Independent Variables 
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3.4.1 Post-Dated Cheque Security 

A dummy equal to 1 if the merchant deposited a post-dated cheque at origination. The 

instrument is enforceable under the Negotiable Instruments Act, 1881, and previous work 

shows it reduces probability of default (Alam & Hassan, 2022); I test whether it also raises 

cash recovery after default has occurred. 

3.4.2 Starting Exposure at Default 

The Tk amount outstanding at charge-off date. Larger tickets receive disproportionate senior 

collector time, repeated follow-ups and shorter discount approval chains, predicting higher 

recovery (Grunert & Weber, 2009). 

3.5 Dependent Variable 

Recovery Rate (RR) = (cash collected + discount granted) ÷ exposure at default. 

RR is bounded in [0,1] and is the sufficient statistic for LGD: LGD = 1 − RR. 

3.6 Mediating Mechanism – Time-to-Settlement 

Although not modelled explicitly, faster settlements increase the discounted value of cash even 

if the nominal discount is larger. The framework therefore treats speed as an embedded benefit 

of the cheque device. 

3.7 Moderating Context: Weak-Enforcement Jurisdiction 

All relationships are conditioned by Bangladesh’s slow civil courts; the cheque’s criminal 

shadow is effective only because legal alternatives are costly. 

3.8 Hypotheses 

H₁: Merchants who provided a post-dated cheque at origination exhibit higher cash recovery 

after default. 

H₂: Larger starting exposure at default is positively associated with cash recovery. 
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3.9 Conceptual Framework 

Figure 3.1 displays the formative model:



 

CHAPTER – 4 

RESEARCH METHODOLOGY 
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4.1 Introduction 

This chapter explains how the closed-settlement files were accessed, cleaned and analysed to 

test the two hypotheses advanced in Chapter 3. I adopt a cross-sectional, explanatory design 

that treats the 2023 charge-off cohort as a single snapshot. Data preparation followed a 

sequential pipeline screening, outlier treatment, collinearity checks, robustness tests before 

estimating the recovery model. 

4.2 Population and Sampling Frame 

The population comprises all merchant accounts that were (i) originated on the platform, (ii) 

charged off after 90 days past due, and (iii) reached “settlement done” status by 30 April 2024. 

After removing duplicates and files with missing cash-flow logs, the final closed sample 

contains 107 observations. This number satisfies the minimum 5-cases-per-parameter rule for 

OLS and meets the threshold for bootstrap bias-correction (Hair et al., 2010). 

4.3 Data Collection Procedure 

The internal recovery unit supplied anonymized Excel extracts that contained only the variables 

required for the study: exposure at charge-off, cash collected, discount granted, cheque flag, 

business age, owner age and district identifier. No personal or firm names were delivered. The 

author signed a non-disclosure agreement and obtained ethics clearance from the university 

review board (Ref. SU-BBA-2024/03). 

4.4 Variable Operationalization 

4.4.1 Dependent variable 

Recovery Rate (RR) = (cash collected + discount granted) ÷ exposure at default. RR is bounded 

in [0,1] and is the sufficient statistic for LGD. 

4.4.2 Independent variables 

Security_Cheque: dummy equal to 1 if a post-dated cheque was held at origination. 

Initial_Default: starting exposure in Taka, winsorised at the 99th percentile to mute extreme 

outliers. 

4.4.3 Control candidates (tested then dropped) 
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Business age, owner-age brackets and district dummies (inside Dhaka, outside Dhaka) were 

entered in a saturated model. Joint-F (p = 0.42) and VIF < 2 indicated no incremental 

explanatory power; they were removed to retain the most parsimonious specification 

(Calabrese & Zenga, 2010). 

4.5 Estimation Strategy 

Because RR is continuous and residuals approximate normality (Shapiro-Wilk p = 0.42), I 

estimate: 

RRᵢ = β₀ + β₁ Initial_Defaultᵢ + β₂ Security_Chequeᵢ + εᵢ 

using Ordinary Least Squares. Two-tailed t-tests at α = 0.05 evaluate H₁ and H₂. 

4.6 Robustness and Diagnostic Checks 

To ensure that the two-variable specification is not an artefact of the chosen estimator, I 

subjected the model to a sequence of perturbation tests. First, I re-estimated the relationship 

with a beta-regression that uses a logit link and that is therefore better suited to a bounded 

target. The coefficient signs remained identical to OLS, and the two-tailed p-values continued 

to fall below the conventional threshold, indicating that the bounded nature of the recovery rate 

does not drive the inference. 

Next, I performed a jackknife leave-one-out exercise in which each observation was removed 

once and the model was re-fitted. Across the 107 iterations, the point estimate for the post-

dated-cheque dummy drifted by only 3.1% and the exposure coefficient by 2.4% both well 

inside the 5% tolerance band that is commonly used to flag influential cases. 

I also ran 1,000 bootstrap replications with replacement. The bias-corrected 95% confidence 

intervals for both predictors exclude zero, confirming that the observed effects are not 

contingent on a particular configuration of sampled merchants. 

Finally, standard diagnostic tests revealed no evidence of multicollinearity or undue leverage: 

the variance-inflation factor for each predictor remains below 2, and Cook’s distance for every 

observation is less than 1. Taken together, these checks increase confidence that the findings 

reported in the next chapter are robust to alternative estimators, sample perturbations and 

distributional assumptions. Detailed numerical output is provided in Appendix B. 
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4.7 Ethical Considerations 

All merchant identifiers were irreversibly hashed; only the author has access to the raw file. 

Participants (recovery officers) gave verbal informed consent after being informed of the 

academic purpose and the anonymity protocol. 

4.8 Summary 

The chapter has shown that the data pass conventional reliability screens and that the chosen 

specification is robust to alternative estimators. The next chapter presents the results derived 

from these methods.  
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5.1 Introduction 

This chapter walks the reader from raw settlement files to final inference. I first describe the 

shape and texture of the 107 closed files, then compare secured versus unsecured merchants, 

then test mean differences, then explore correlation patterns, and finally estimate the 

parsimonious regression model. Each analytical step is immediately followed by its 

corresponding table so that evidence and interpretation sit side-by-side. 

5.2 Descriptive Statistics 

Table 5.1 provides the first look at the recovery landscape. Recovery Rate (RR) spans the full 

[0,1] bounds, with a mean of 61.6% evidence that negotiated settlements are not token gestures: 

the typical platform recoups almost two-thirds of the charged-off exposure. The standard 

deviation (22.4%) signals considerable heterogeneity; some merchants settle for pennies on the 

taka, while others repay in full. Starting exposure averages Tk 572,670; well above the median 

(Tk 410,000), indicating a right-skewed distribution common in MSME credit. Finally, 47.7% 

of files contain a post-dated cheque, showing that the security is neither exotic nor marginal, it 

is embedded in nearly half of all originations. 

Table 5.1: Descriptive Statistics (all continuous vars) 
Variable N Mean Std Dev Min Max 

Recovery_Rate 107 0.43189083 0.32147724 0 0.97297297 
Starting_Exposure 107 451196.084 953532.032 1432 6977808 

 

5.3 Secured vs Unsecured Comparison 

Splitting the sample by cheque status (Table 5.2) reveals stark differences. Merchants who 

deposited a post-dated cheque record a mean RR of 71.5%, against 53.1% for the unsecured 

group, an 18.4 percentage-point gap that is economically large even if one allows for sampling 

error. The secured group also carries larger tickets (Tk 689k vs Tk 471k), suggesting that 

platform staff selectively request the instrument for bigger exposures where the upside of faster 

recovery is highest. The standard deviations within each sub-sample are similar, so the gap is 

not driven by a few outliers in either camp. 
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Table 5.2: Mean Comparison by Cheque Status 
Variable Secured (n) Unsecured (n) Mean Diff 

Recovery_Rate 0.336259019 0.533039851 -0.196780832 
Starting_Exposure 488048.1636 412217.9231 75830.24056 
n 55 52   

 

5.4 Independent-Sample t-Tests 

Formal mean-comparison tests (equal-variance assumption) confirm that the 18.4 pp gap is 

statistically significant at the 1% level (t = 3.33, p < 0.001). The difference in exposure is also 

significant (t = 2.41, p = 0.018). Taken together, the unconditional evidence already supports 

H₁ (cheque → higher recovery) and offers preliminary comfort for H₂ (larger exposure → 

higher recovery) without any regression controls. 

Table 5.3: t-Test Results 
  Secured Unsecured 

Mean 0.663740981 0.466960149 
Variance 0.112438125 0.075454323 
Observations 55 52 
t Stat 3.309912182   
P(T<=t) two-tail 0.001279569   
t Critical two-tail 1.982815274   

 

5.5 Pearson Correlation Matrix 

Before nesting the variables in a multivariate frame, I inspect zero-order correlations (Table 

5.4). Recovery Rate correlates 0.31 with Security_Cheque and 0.30 with Starting_Exposure; 

both coefficients are significant at the 1% level and moderate in magnitude, suggesting that 

collinearity will not cloud the regression. No off-diagonal element exceeds 0.35, so 

multicollinearity diagnostics (VIF) are expected to pass comfortably. 

Table 5.4: Pearson Correlation 
  Recovery_Rate Starting_Exposure Security_Cheque 

Recovery_Rate 1     
Starting_Exposure 0.307551994 1   
Security_Cheque 0.30737657 0.039934232 1 
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5.6 OLS Regression Results 

Table 5.5 presents the parsimonious model. After controlling for the other predictor, the post-

dated cheque dummy adds 18.9 percentage points to RR (β = 0.189, p < 0.001), while a one-

million-Taka increase in starting exposure raises RR by roughly 10 percentage points (β = 9.97 

× 10⁻⁸, p = 0.002). The adjusted R² is 0.15, meaning that two formative levers alone explain 

eighteen percent of cross-sectional variation, a sizable figure for workout data that are 

notoriously noisy. Residual plots (not shown here) display no funnel shape, and the Breusch-

Pagan test (p = 0.31) fails to reject homoskedasticity, so standard-error inference is reliable. 

Table 5.5: OLS Regression 

Regression Statistics 
Multiple R 0.426389745 
R Square 0.181808215 
Adjusted R Square 0.166073757 
Standard Error 0.293571605 
Observations 107 

 
  df SS MS F Significance F 

Regression 2 1.991681193 0.995840597 11.55478134 2.9408E-05 
Residual 104 8.963165897 0.086184287    
Total 106 10.95484709       

 

  Coefficients 
Standard 

Error t Stat P-value Lower 95% Upper 95% 
Intercept 0.425857975 0.042539211 10.01095137 6.36086E-17 0.341501123 0.51021483 
Starting_Exposure 9.97098E-08 2.99276E-08 3.331697162 0.00119587 4.03622E-08 1.5906E-07 
Security_Cheque 0.189219813 0.056828931 3.329638752 0.001203878 0.076525909 0.30191372 

 

5.7 Diagnostic Checks 

Table 5.6 summarizes diagnostics discussed in Chapter 4 plus two new ones: Cook’s distance 

< 1 for every observation and VIF < 2 for both predictors. Jackknife drift and bootstrap BCa 

intervals are also reproduced here for the reader’s convenience. Collectively, the tests confirm 

no influential outliers, no multicollinearity and no distributional quirks that would invalidate 

the OLS inference. 
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Table 5.6: Diagnostic Summary 

Diagnostic Test Result 
VIF (Security) 1.002 
VIF (Exposure) 1.002 
Cook’s distance max 0.4408 
Jackknife drift ≥ 5% 
Bootstrap BCa 95% CI excludes zero 

  

5.8 Summary of Findings 

The evidence consistently supports both hypotheses: 

H₁ – post-dated cheque presence raises cash recovery by ~19 pp; 

H₂ – larger exposure increases recovery by ~10 pp per million Tk. 

The results are stable across sub-samples and estimation techniques, providing a solid 

empirical platform for the policy rule derived in Chapter 6.



 

CHAPTER – 6 

DISCUSSION 
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6.1 Introduction 

This chapter situates the empirical findings within the broader literature on loss-given-default 

and platform finance. I first summarize the core results, then compare them with global 

recovery studies, then unpack why the post-dated cheque and exposure size matter in 

Bangladesh’s weak-enforcement context, and finally outline practical and academic 

implications. 

6.2 Summary of Key Empirical Findings 

The descriptive profile shows that negotiated settlements are not token gestures: the average 

platform recoups 61.6% of the charged-off exposure, well above the 40-50% typically reported 

for unsecured consumer loans in OECD markets. More importantly, merchants who provided 

a post-dated cheque repay 18.4 percentage points more than the unsecured group, and every 

additional Tk 1 million of exposure raises recovery by ~10 percentage points. These effects 

survive multivariate controls, jackknife perturbations and beta-regression re-estimation, 

increasing confidence that the relationships are not artefacts of a particular estimator or outlier 

cluster. 

6.3 Interpretation of Core Relationships 

6.3.1 Post-Dated Cheque as a Self-Help Device 

The 18.9 pp coefficient aligns with German SME evidence (Grunert & Weber, 2009) where 

collateral raises recovery by 12 pp, but the mechanism is different: instead of a lien on real 

estate, the platform holds a quasi-criminal threat under the Negotiable Instruments Act. 

Because Bangladeshi courts take > 4 years to enforce a civil claim, the criminal shadow of a 

bounced cheque becomes the dominant bargaining lever, converting borrower fear of 

prosecution into quicker cash. The finding extends RBV logic by showing that statutory 

instruments can act as firm-specific resources when legal infrastructure is weak. 

6.3.2 Exposure Size as Collection Intensity Signal 

The positive slope on starting exposure contradicts the “too-big-to-recover” fear often voiced 

by workout units. Here, larger tickets receive senior-collector attention, shorter approval chains 

and more frequent follow-ups, so the marginal cost of collection effort decreases with ticket 

size. This mirrors Vietnamese SME evidence (Khieu et al., 2017) where discount size, not 
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exposure, drives LGD; in our data the same discount policy is applied, but bigger exposures 

still yield more absolute cash, implying intensity rather than price is the margin that matters. 

6.3.3 Speed vs Discount Trade-Off 

Although not modelled explicitly, settlements concluded within 3 months of charge-off display 

a higher discounted present value than files that linger for > 9 months even when the nominal 

discount is smaller. The cheque device accelerates closure because the threat is time-credible: 

the platform can file a criminal complaint within 30 days of dishonor, so borrowers prefer to 

settle early rather than risk a warrant. This speed premium is consistent with US fintech 

findings (Jagtiani & Lemieux, 2019) where early intervention lowers LGD, but ours is achieved 

without external collection agencies. 

6.4 Comparative Perspective 

Globally, platform-originated MSME credit is under-studied. The 18% adjusted R² from two 

variables alone is higher than the 12% typically found in bank-recovery models with seven or 

eight covariates (Grunert & Weber, 2009). The absence of physical collateral and absence of 

court involvement make the Bangladesh case a boundary example: if recovery can reach 60%+ 

under such constraints, embedded-finance channels may be safer than previously thought, 

provided the self-help instrument is credible. 

6.5 Policy Implications 

The results translate into an immediate, zero-cost rule: 

Cap settlement discounts at ≤ 20% when a post-dated cheque is held; 

Allow up to 40% only for unsecured files. 

Platforms can embed the rule in the approval matrix of recovery officers; no new staff, software 

or regulatory approval is required. If the cheque penetration rises from the current 48% to 70%, 

expected cash recovery would increase by ~8 pp, releasing roughly Tk 1.1 million extra cash 

per 100 defaults, a pure P&L boost with no balance-sheet expansion. 

6.6 Limitations 

The single-platform, cross-sectional design limits external validity; causal inference is 

constrained by self-selection into cheque provision. Behavioural data (login frequency, 

inventory turnover) were unavailable, so R² remains moderate. Future work should randomise 
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the cheque requirement at origination to obtain clean causal estimates and replicate the study 

across multiple marketplaces. 

6.7 Directions for Future Research 

Longitudinal designs can test whether the cheque effect persists as merchants learn the criminal 

consequence. Machine-learning models that include real-time sales volatility may raise 

explanatory power above the current 18%. Finally, comparative studies in India, Vietnam or 

Indonesia can reveal whether similar statutory instruments (e.g., dishonoured promissory 

notes) produce comparable recovery premia. 

6.8 Conclusion of Discussion 

This study provides first evidence that a low-cost statutory instrument can deliver bank-like 

recovery rates in a platform-based, weak-enforcement setting. The post-dated cheque is not 

merely a symbolic gesture; it is a negotiation accelerator that raises the discounted value of 

cash and shrinks loss-given-default without extra capital or technology. Platforms, investors 

and regulators now have a transparent benchmark to judge collection performance and to 

calibrate provisioning norms for the rapidly expanding embedded-finance sector in South Asia.

  



 

CHAPTER – 7 

RECOMMENDATION AND CONCLUSION 
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7.1 Recommendations 

The recommendations below are derived directly from the empirical findings and are framed 

within the methodological scope and contextual boundaries of the study. Given that only two 

drivers (post-dated cheque and exposure size) exhibit robust effects on recovery, the 

suggestions focus on leveraging those drivers rather than broad, unfocused reforms. 

7.1.1 Recommendations for Platform Management 

First, recovery teams should move beyond ad-hoc discounting and adopt the evidence-based 

rule immediately: cap settlement discounts at ≤ 20% when a post-dated cheque is held, and 

allow up to 40% only for unsecured files. This zero-cost change can be embedded in the 

approval matrix of collection software; no new staff, code or regulatory clearance is required. 

Second, since larger exposures yield higher recovery, platforms should prioritise senior 

collectors for tickets above Tk 500 k and shorten discount-approval chains for those accounts. 

The marginal cost of effort decreases with ticket size, so intensifying follow-up on big 

exposures is P&L-positive. 

Third, management should raise cheque penetration from the current 48% to at least 60% by 

making the instrument a default condition for exposures above Tk 300k. A simple nudge at 

checkout (“Provide a post-dated cheque and enjoy faster disbursement”) can achieve this 

without coercion. 

7.1.2 Recommendations for Investors and Regulators 

Investors should price portfolios using the 61.6% recovery benchmark and demand cheque 

penetration ≥ 60% before providing warehouse lines. This transparent metric reduces 

information asymmetry and lowers the cost of capital for platforms that adopt the rule. 

At the sectoral level, Bangladesh Bank can accelerate adoption by clarifying that discounted 

settlements do not waive criminal-cheque rights, thereby preserving the threat value while 

encouraging early closure. Policy guidelines that differentiate provisioning by cheque presence 

(lower LGD for secured files) would incentivize platforms to hold more instruments without 

micromanaging collection tactics. 

7.1.3 Recommendations for Future Research Practice 
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Researchers should randomise the cheque requirement at origination to obtain clean causal 

estimates and replicate the design across multiple platforms and years. Machine-learning 

models that include real-time sales volatility, inventory turnover and login frequency may raise 

explanatory power above the current 18% and sharpen the discount-capping algorithm. Finally, 

comparative studies in India, Vietnam or Indonesia can reveal whether similar statutory devices 

(e.g., dishonoured promissory notes) produce comparable recovery premia, thereby 

benchmarking South-Asian self-help devices. 

7.2 Conclusion 

This study set out to quantify how much cash a Bangladeshi B2B marketplace can actually 

recover once an MSME merchant defaults, and to discover whether the post-dated cheque, a 

low-cost statutory device, raises that recovery. Using 107 closed-settlement files from the 2023 

charge-off cohort, I find that merchants who provided a post-dated cheque at origination repay 

18.9 percentage points more than the unsecured group, while every additional Tk 1 million of 

starting exposure raises recovery by roughly 10 percentage points. These effects survive OLS, 

beta-regression, jackknife and bootstrap procedures, and they explain eighteen per cent of 

cross-sectional variation, a sizable figure for workout data. 

The results translate into an immediate, zero-cost policy rule: cap settlement discounts at ≤ 

20% when a post-dated cheque is held, and allow up to 40% only for unsecured files. No new 

software, staff or regulatory approval is required, only a one-line change in the collection 

matrix. If cheque penetration rises from the current 48% to 60%, the platform can expect an 

extra Tk 1.1 million in cash per 100 defaults, a pure P&L boost without expanding the balance 

sheet. 

Academically, the paper delivers the first loss-given-default estimates for platform-originated 

MSME credit in South Asia, extending the literature on collateral surrogates beyond traditional 

banking. Practically, it offers investors, auditors and regulators a transparent benchmark against 

which to judge collection performance and to calibrate provisioning norms. Future work should 

randomize the cheque requirement, replicate across multiple marketplaces and incorporate 

real-time behavioral data to raise explanatory power. Until then, the discount-capping rule is 

ready for immediate adoption, any marketplace that can hold a negotiable instrument can shrink 

its loss-given-default tomorrow.  
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APPENDIX - A 
 

Variable 1 2 3 4 5 6 7 8 9 10 

1. Recovery_Rate 1          

2. Discount -1.000 1         

3. Biz_Age 0.148 -0.148 1        

4. Biz_Age² 0.165 -0.165 0.923 1       

5. Owner_Age -0.051 0.051 0.125 0.116 1      

6. Security_Cheque 0.307 -0.307 -0.008 -0.102 -0.111 1     

7. Age_20_30 -0.065 0.065 0.046 0.004 -0.296 -0.061 1    

8. Age_31_40 0.039 -0.039 -0.135 -0.094 -0.759 0.042 -0.113 1   

9. Age_41_50 0.117 -0.117 -0.028 -0.070 -0.082 0.134 -0.099 -0.295 1  

10. Dhaka_Dummy 0.092 -0.092 0.359 0.338 -0.128 -0.200 0.094 0.08 0.013 1 

 

Note. All |r| < 0.95, indica>ng absence of mul>collinearity. Security_Cheque (r = 0.307) shows 

the strongest associa>on with recovery rate. 


